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RGB Image Measurement 481.6nm 5295nm 5843 nm  636.3 nm RGB Image  Measurement 4765nm  503.9nm 5944nm 6251 nm

25
w

PN B35 2 R OT RO R B

E.GB Image TwlIsT GAPTV DeSCI TSA-Net Ours

Measurement

=

RGB Image

Measurement

B 4. PSS 52 T IR AL SE R B

WX RIMBEETT: https://see.xidian.edu.cn/faculty/wsdong/Projects/DGSM-SCI.htm
XAZ 8% . https://github.com/TaoHuang95/DGSMP



